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Implemented and evaluated
the self-tuning spectral
clustering on large and
noisy multi features spatial
point sets to perform the
material segmentation and
building component
segmentation.

About me:

My name is Ata. | am passionate about working with
structured and unstructured data. | enjoy visualizing
operations on data. | believe understanding and
visualizing data and its behaviors at or between 1, 2
and 3 dimensions is good practice to generalize it to
n-dimensional space. We can build an accurate and
scalable decision-making pipeline based on your
unique data.

San Diego, CA 92122 (615)714-2813

Sample Projects
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Used policy and value
iteration methods to find the
optimal policy for an agent
to solve a maze.




Generated adversarial
images for MNIST data
set using gradient ascent
on the loss function of
trained neural network.
Adversarial images can be
used as extra training data
sets.
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Developed a movie
recommendation by using
belief network and EM
algorithm to uniquely
recommend set of specific
unseen movies for every
user.
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Trained several convolutional neural network architectures including ResNet-18 and DenseNet-121 to
classify one or more diseases from Chest X-ray image data.
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Transfer Learning Find Tuned Metrics using ResNet-18
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Transfer Learning Find Tuned Metrics using DenseNet-121



